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Abstract
Mobile applications and Internet-based platforms
continuously foster the rise of the sharing economy
business model that can nowadays be found in various
industries. In this paper, we focus on potential
customers in the ridesharing industry. We use the
setting of ‘BlaBlaCar’, a popular ridesharing platform,
to investigate the implications of ‘trust’ and ‘distrust’
on the users’ intention to engage in a sharing
encounter. In particular, we extend the research model
by Mittendorf (2017) which investigates the influence
of trust and risk in the sharing economy. In this regard,
we differentiate between the platform and the sharing
partners, while incorporating both trust and distrust.
Our study employs survey data (n = 238) and
structural equation modeling (PLS-SEM). Our results
provide empirical evidence that trust and distrust have
unequal effects on the respective user intention, which
contributes to the understanding of two-sided market
platforms. Academic and practical implications are
discussed.

1. Introduction
The popularity of two-sided online platforms has
increased over the last years [9,12]. Contemporary
sharing economy platforms make use of the two-sided
market model to provide distinct services to potential
customers, such as hospitality and transportation
services [42]. The popularity of these new platforms
(especially among young individuals [2]) has several
reasons. First, modern sharing economy platforms
claim to be more economic, environmentally friendly,
and often include a social component, e.g. connecting
two people on short notice [42]. Second, current
sharing economy platforms are often based on new
technologies like mobile applications and responsive
web interfaces, which makes them easily accessible
and provides a high usability that further facilitates the
rise of the sharing economy [22]. In other words,
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today’s modern information and communications
technologies enable people to disintermediate
traditional commercial channels and to share excess
capacity with each other effectively [1,4].
Various studies and current research claim that trust
is the ‘currency’ of the sharing economy [5]. This
statement seems inevitable and has previously
conceptualized in related research streams, such as in
the collaborative environment, where trust has been
identified as an important influential factor [43], or in
the ecommerce industry, where trust is stated to be a
key component that influences the customers’
intentions to transact [29,48]. Regarding sharing
economy literature, researchers [24,41] lately found
that trust in the platforms is one of the main drivers
why people engage in service encounters – in the
following, we refer to service encounters in the sharing
economy as “sharing encounters”; hence people do not
engage in selling or commercial renting practices.
Most of the current sharing economy research relies on
trust (respectively the lack of trust [57]) towards the
platform or the corresponding sharing partners [31,40]
rather than including the concept of distrust despite the
findings of McKnight and Choudhury (2006) who
argue that distrust is an additional factor that influences
the users’ intentions in the online environment and
therefore fosters the understanding of user behavior.
In this regard, a comparative examination of trust
and distrust in two-sided sharing markets remains an
open question [38]. Answering this question is the first
objective of our study. Therefore, we analyze the
implications of both trust and distrust on the
customers’ intentions to engage in a sharing encounter
on the ridesharing platform BlaBlaCar. Moreover, as is
already common in two-sided market research, we
separate intermediary and users form each other and
evaluate the distinct influence of trust and distrust of
both entities on the customers’ intention. We
intentionally chose BlaBlaCar (a long-distance
ridesharing platform) as a suitable setting for our
analysis to study the influence of trust and distrust on
modern sharing economy platforms, as the platforms
uses current technology to connect strangers on short-
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term notice over the Internet. In our paper, we answer
the following research question:
RQ: How does trust and distrust influence the
customers’ intentions on long-distance ridesharing
platforms?
For our research, we adopted the research model of
Mittendorf (2017), which investigates the building and
implications of trust and risk on the sharing economy
platform Uber. In addition, we follow the theory of
‘Trust and Power’ by Luhmann (1979), which
comprises the fundamental conditions of trust and
distrust as a functional equivalent and extension of
trust. In this regard, we derive its validity from the
sharing economy and propose a modified research
model that seeks to explain the participation behavior
in the ridesharing industry. By doing so, we contribute
to the field of IS by complementing the theory of trustbased respectively distrust-based decision-making on
contemporary sharing economy platforms. We expect
that both trust and distrust influence the customers’
intentions to engage on the respective sharing economy
platform.
The remainder of this paper is structured as
follows. In Section 2, we present the related work on
the sharing economy, including the relevant literature
on trust and distrust. In Section 3, we present the
modified research model of Mittendorf (2017) and
introduce our research hypotheses. In Section 4, we
demonstrate our research methodology and present the
survey results. We conclude our paper by discussing
the implications of our findings, limitations, and
directions for future research.

2. Related work
2.1. The sharing economy
Contemporary
sharing
practices
supplant
incumbent services in certain industries, such as in the
hospitality [54,58] and the transportation industry
[1,7], while addressing the needs of new customers –
especially the younger generations through modern
technology. [4,9]. In other words, sharing practices are
on the rise as they realize economic, cultural, and
organizational benefits and continuously outperform
traditional ownership practices. which merely focus on
obsolete commercial channels [22]
In this paper, we focus on the sharing economy a
two-sided market model that can nowadays be found in
numerous industries. For the purpose of this paper, we
do not enter the discourse regarding the terminology,
such as collaborative consumption, commercial
sharing, or access-based consumption [4,5,13]. Instead,

we focus on BlaBlaCar that enables its user to offer
and request rides. In particular, our research focus
concentrates on two-sided online market platforms that
allows users to share private resources in the form of
temporary access to goods and services without
transferring ownership. To this end, BlaBlaCar
focusses on long-distance ridesharing and connects
drivers and passengers who are willing to travel
together to a particular destination while sharing the
cost of the transportation activity. Therefore,
BlaBlaCar is different to Uber that mostly focusses on
short-distance respectively short-duration ridesharing.
An adequate trust basis seems necessary to establish a
ridesharing engagement between its potential users.

2.2. Trust and distrust
Trust is a complex concept that has been studied in
several disciplinary fields [37,56]. In the following, we
assess trust as an attribute that originates through
relationships among different entities [35,36].
Researchers have shown that trust is decisive in
commercial and personal relationships [37,43] that
involve interdependencies, risk, or uncertainties
[26,56]. Hence, trust involves vulnerability [56]. The
need for trust is particularly high in socially distant
relationships, such as in the online environment, due to
an increasing transaction complexity [29]. Hence,
online interactions that cannot be fully controlled by
the individuals require an adequate trust basis to
function successfully [59]. Trust eliminates negative
outcome possibilities from a consideration set [36];
thus, trust is claimed to be one of the most effective
complexity-reduction mechanisms [8]. In particular,
the need for trust increases with the rising dependency
on other entities and growing vulnerability to their
misconduct [11,36]. Researchers argue that trust plays
a key role especially in the online environment
respectively has been repeatedly identified as one of
the most formidable barriers of people engaging in ecommerce [39,47,56], crowdsourcing [59], virtual
teams [28], or the sharing economy [23,40,41].
In this regard, previous research shows mixed
results on the implications of trust in intermediary
frameworks, e.g. when referring to the findings of
Mittendorf, (2016, 2017) in the sharing economy or
Hong and Cho (2011), Kim, et al. (2008) in ecommerce. Hence, existing theory has difficulty to
predict the implications of trust as a standalone
construct in modern intermediary frameworks.
Whereas trust has been studied thoroughly, there is
scarce literature on distrust in IS literature, although
various trust theorists agree that trust and distrust are
separate constructs that have unequal effects. For
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example, Lee and Huynh (2005) found that trust and
distrust are discriminant and have different outcomes.
Whereas, there are some researches that see only
little empirical evidence that trust and distrust are
distinct concepts, other researchers argue that a trustdistrust distinction can add explanatory power to a
research model especially when relationships are
multifaceted or multiplex [38]. In other words, distrust
is a functional equivalent of trust and needs to be
empirically validated together with trust in order to
conclude trust relationships in an intermediary
framework [36].
We believe that the combination of peculiarities of
BlaBlaCar, such as shared rides on short notice
between private individuals, the usage of Internettechnology, (non)transparency of certain demographic
data and car information, interactions with strangers,
and the intermediary framework, have an extensive
effect on the implications of trust and distrust
[6,30,41]. The mixed results in current literature,
together with the peculiarities in our sharing economy
setup, encouraged us to review the implications of trust
and distrust for temporal ridesharing activities in the
sharing economy.

3. Hypothesis development and research
model
In order to close the formulated research gap, we
introduce a research model that allows us to analyze
the impact of trust and distrust on the users’ intention
to engage in a long-distance sharing encounter. In
particular, our research model is based on Mittendorf
(2017), who first introduced a research model to

analyze trust and risk in two-sided markets respectively
the sharing economy. We take the perspective of a
customer respectively a potential passenger on
BlaBlaCar. Ridesharing activities on BlaBlaCar are
generally defined as interactions with strangers that
imply high levels of complexity and risk [5,54]. In this
paper, we apply the complexity-reduction mechanisms
suggested by Luhmann (1979) and the findings of
Mittendorf (2017). However, we go a step further and
introduce the concept of distrust to advance our
understanding of the respective relationships in the
ridesharing industry; thus, increasing the explanation
power with regard to the users’ intention.
As is already common for research in two-sided
markets [23,41], we separate platform and
corresponding users from each other. Based on this, we
assess the implications of two trust and two distrust
constructs on the customers’ intentions to engage in a
sharing encounter. In this specific context, to engage in
a sharing encounter can imply using the BlaBlaCar app
to search for favorable drivers based on individual
preferences respectively reviewing the drivers,
including their name, photo, availability, and rating, as
well as requesting a ride to receive a transportation
service to a specific location. Besides, after the driver
is selected and the request has been processed by the
platform, personal information of the requesting party
is sent to the driver, who can either accept or deny the
transportation request. In case the sharing partner
respectively driver accepts the transportation request,
BlaBlaCar executes the booking and sends a
confirmation to both parties including the
transportation details. Table 1 show a summary of our
constructs under study.

Table 1. Summary of key constructs
Construct
Trust in platform
Trust in sharing
partner
Distrust in platform

Distrust in sharing
partner

Intention to engage

Description
Confidence that the platform will behave in a favorable way, which
makes users comfortable to use the platform and helps them to overcome
perceptions of risk and insecurity.
Willingness to rely on favorable future actions of sharing partners to
overcome perceptions of risk and insecurity.
Distrust in the platform is the belief that the platform’s values or motives
are suspicious. In this regard, users approach the platform in an
objectionable manner, while often having strong negative emotions that
makes them feel insecure and worried.
Distrust in sharing partners is the belief that the sharing partner’s values
or motives are suspicious. In this regard, users approach the sharing
partners in an objectionable manner, while often having strong negative
emotions that makes them feel insecure and worried.
The intention of using the ridesharing service respectively to engage in a
sharing encounter.

Key reference
Chen et al. (2009), Kim et
al. (2008), Mittendorf
(2017), Tussyadiah (2015).

Mcknight and Choudhury
(2006), Schoorman et al.
(2007).

Davis et al. (1989), Gefen et
al. (2003), Mittendorf
(2016), Pavlou (2001).
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The goal of our study is to find out, how trust and
distrust regarding the platform and the sharing partner
can influence the customers’ intention. We base our
assumption on existing literature that argues that both
trust in the platform and trust in the users can be
influential factors [25,52,55]. For example, Pavlou and
Gefen (2004) argue that a trustworthy intermediary
helps to build buyer’s trust in a community of sellers,
while reducing perceived risk. Furthermore, various
researchers, such as Mittendorf (2016, 2017), refer to
this finding as providing empirical evidence that the
trust-theory can be adopted onto the sharing economy
as an influential factor of user intentions.
Accordingly, we assume that trust influences the
customers’ intentions to perform a respective action on
the sharing economy platform under study [45]. In
practice, customers have the possibility to engage in a
sharing encounter, if they are willing to use the
platform, to inquire about available rides, or to request
a transportation service. In this regard, Mittendorf
(2016, 2017) already demonstrated the relationship
between trust and the users’ intentions on common
sharing economy platforms – such as Airbnb and Uber.
However, current findings regarding the influence of
trust in sharing partners on user intentions are mixed.
Trust in the intermediary seems to always influence the
customers intentions, whereas trust in the
corresponding sharing partner seems to be only
influential in a respective online environment, e.g. with
an explicit service duration and financial investment by
the customer [40,41].
Given this context of commercial long-distance
rides on BlaBlaCar, we hypothesize that the customers’
intention to engage in a sharing encounter rises with

increased degrees of trust of both the platform and the
sharing partners [6,30].
H1. Increased degrees of trust in the platform will
increase the customers’ intentions to engage in a
sharing encounter.
H2. Increased degrees of trust in the sharing partners
will increase the customers’ intentions to engage in a
sharing encounter.
Luhmann (1979) already introduced distrust as an
extension and negative functional equivalent of trust.
Especially in the sharing economy where interactions
with strangers are prevalent, the willingness to take
risk respectively to be vulnerable is a common
phenomenon [51]. Based on trust theory, McKnight
and Chervany (2001) developed separate conceptual
models for both trust and distrust suggesting that both
constructs do not exclusively perform equal. However,
there are few empirical studies that evaluate both trust
and distrust as distinct concepts, despite earlier calls by
researches, such as Lee and Huynh, (2005), who found
that trust and distrust are discriminant and have
different outcomes. They further recommend
integrating both trust and distrust constructs within the
same model to increase explanatory power. Thus, we
follow this suggestion and add distrust in the platform
and distrust in the sharing partners to our research
model. Accordingly our hypotheses are:
H3. Increased degrees of distrust in the platform will
decrease the customers’ intentions to engage in a
sharing encounter.
H4. Increased degrees of distrust in the sharing
partners will decrease the customers’ intentions to
engage in a sharing encounter.

Figure 1. Research model
Trust
in platform

Trust
in sharing partner

H1 (+)

H2 (+)

H3 (-)
Intention to engage

Distrust
in platform

Controls

Distrust
in sharing partner

4. Research method
4.1. Instrument development and data
collection
The questionnaire was specifically designed to
measure the formation and the implications of trust and
distrust on sharing economy platforms from the

H4 (-)

customers’ perspective. Our questionnaire contained
23 questions, covering five constructs, controls, and
demographic data. The response format was
standardized using a 7-point Likert scale ranging from
“strongly disagree” (1) to “strongly agree” (7). Table 7
in the Appendix provides an overview of the final item
catalogue, including the constructs, loadings, and the
respective item codes.
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The web-based survey was conducted in early
2017. By the due date, we received a total of 238
responses. The data was gathered by targeting
participants of countries where our setting – BlaBlaCar
– as a method of transportation is available. In more
detail, we recruited our participants through suitable
social media channels, such as Facebook and Reddit
community groups for sharing economy customers. In
this regard, we specifically controlled for familiarity
respectively experience with sharing economy

services. Finally, we dropped 69 participants who did
not complete the survey or indicated that they were not
honest in answering the survey questions. Table 2
reports the demographic data of the 168 remaining
respondents, including gender, age, marital status,
education, profession, and income. In this regard, it is
necessary to point out that most participants are
students; hence, they are young, low-income
individuals below the age of 30 years.

Table 2. Sample characteristics
N = 168

Count

Gender
Female
Male
Age
18 to 20
21 to 25
26 to 30
31 to 35
36 to 40
41 to 45
46 to 50
51 to 55
Education
Less than high school
High school graduate
Associate degree
Bachelor’s degree
Master’s degree

%

79
89

47.02%
52.98%

17
123
15
5
1
1
3
3

10.12%
73.21%
8.93%
2.98%
0.60%
0.60%
1.79%
1.79%

1
80
12
60
15

0.60%
47.62%
7.14%
35.71%
8.93%

Profession
Student
Employed for wages
Self-employed
Yearly income
Less than $10,000
$10,000 to $19,999
$20,000 to $29,999
$30,000 to $39,999
$40,000 to $49,999
$50,000 to $59,999
$60,000 to $69,999
$70,000 to $79,999
$80,000 to $89,999
$90,000 or more
Marital status
Single
Married
Divorced

Count

%

138
26
4

82.14%
15.48%
2.38%

116
17
11
6
2
4
3
0
1
8

69.05%
10.12%
6.55%
3.57%
1.19%
2.38%
1.79%
0
0.60%
4.76%

153
91.07%
8
4.76%
7
4.17%
Required minimum sample size for survey according to a priori power analysis [15]: Minimum sample size to detect effect: N = 150;
(Anticipated effect size 0.3; Desired statistical power level 0.8; Probability level: 0.05).

5. Data analysis and results
5.1. Measurement model
We used SPSS and SmartPLS to test the
reliability of the measurement model and to perform
partial least squares structural equation modeling
(PLS-SEM). We assessed the reliability and validity
of the constructs. Internal consistency was assessed
by following the guidelines from Straub et al. (2004),
and Hair et al. (2014). Composite Reliability and
Cronbach’s alpha and need to be above the threshold
of 0.70 in order to indicate sufficient reliability

[3,16]. Table 3 indicates that all our construct
obtained Composite Reliability and Cronbach’s alpha
adequate scores above the recommended threshold.
We measured construct validity by evaluating
convergent validity [44] and discriminant validity
[53]. Convergent validity is considered acceptable
when the Average Variance Extracted (AVE) values
successfully exceed the threshold of 0.50 for all
constructs [16,19]. All our constructs reached the
recommended threshold. Hence, the analysis
indicates that there is no convergent validity problem
in our measurement model.

Table 3. Descriptive statistics and reliability indices for constructs
Item
TrPl
TrSP
DisTrPl
DisTrSP
Int

Cronbach's Alpha
0.875
0.923
0.825
0.828
0.896

Composite Reliability
0.923
0.951
0.885
0.895
0.935

Mean
4.688
4.544
3.123
3.300
4.363

Standard Deviation
1.329
1.353
1.441
1.479
1.622

Note: TrPl = Trust in platform, TrSP = Trust in sharing partner, DisTrPl = Distrust in platform, DisTrSP = Distrust in sharing partner,
Int = Intention to engage.
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Discriminant validity is defined as the degree to
which measures of different latent variables are
unique [44]. According to literature, discriminant
validity is considered acceptable when the square
roots of the AVE are greater than the correlations

between the constructs. Table 4 indicates that there
are no outliers and all the square roots of the AVE are
greater than all cross-correlations, hence indicating
that the variance explained by each construct is much
larger than the measurement error variance [46].

Table 4. Convergent and discriminant validity coefficients
Item
TrPl
TrSP
DisTrPl
DisTrSP
Int

AVE
0.801
0.866
0.725
0.743
0.828

TrPl
0.895
0.716
-0.424
-0.238
0.560

TrSP

DisTrPl

DisTrSP

Int

0.930
-0.278
-0.419
0.549

0.852
0.634
-0.337

0.862
-0.408

0.910

Note: AVE = Average Variance Extracted. Diagonal elements of the last five columns represent the square root of the AVE. Off diagonal
elements are the correlations among latent constructs.

Multicollinearity: Literature recommends to test for
multicollinearity problems in order to identify a
potential bias [20]. According to previous literature
and as suggested by Hair et al. (2014), we examined
potential multicollinearity issues with SPSS
collinearity diagnosis techniques using VIF (Variance
Inflation Factors) and Tolerance values. The
recommend threshold for Tolerance and VIF values
state that Tolerance values should be greater than 0.1
and VIF values should be less than 3.0 to accept the
premise of no multicollinearity problems for reflective
constructs [21,33]. The result of our multicollinearity
analysis of the dependent variable (intention to engage)
testing with the respective independent variables (trust
and distrust) is shown in Table 5 and demonstrate that
multicollinearity should not be an issue in our dataset.
Table 5. Collinearity statistics
Tolerance
VIF
Beta

TrPl
0.427
2.342
0.292

TrSP
0.408
2.452
0.266

DisTrPl
0.510
1.961
-0.039

DisTrSP
0.486
2.058
-0.187

Note: Dependent variable = Intention to engage;
Beta = Standardized Coefficient.

Common Method Bias: As we collected self-reported
data from an Internet population at one point in time
for our study, common method bias (CMB) could be a
potential concern [49,50]. To this end, CMB could
inflate estimates of structural parameters in a research
model and therefore result in inaccurate conclusions
[18,49]. We carried out an appropriate auxiliary
analysis to assess potential CMB issues, as addressing
CMB is not an integral part of PLS-SEM [18].
Overall, CMB occurs when a significant amount of
covariance shared among variables is attributable to the
data collection method. We controlled for CMB,
performing the Harman’s single factor test. The result
of the principal components factor analysis reveals that

the first factor does not account for more than 50% of
total variance shared by all items [49]; indicating that
CMB is unlikely a potential bias in our dataset.

5.2. Structural model assessment
To answer our research question, we confirmed the
factor structure of our dataset with SmartPLS. We
assessed the relationship between trust respectively
distrust and the users‘ intentions performing structural
equation modeling (SEM) [18]. In our analysis, we
controlled for (1) age, (2) income, (3) education, (4)
marital status (5) disposition to trust, (6) familiarity,
and (7) gender, as source of differing results. After we
confirmed the factor structure of our dataset in the
confirmatory factor analysis, we performed PLS-SEM
to analyze both measurement and structural
relationships for our research model [18]. Our PLS
analysis confirms that the collected data adequately fits
our research model [14,27]. The given items share only
little residual variance and indicate unidimensionality
of the SEM approach [3,27]. The results of the SEM
are presented in Table 6 and visually summarized in
Figure 2.
The results show support for two hypotheses. Trust
in the platform affects the users’ intention to engage,
thus supporting H1. This result is not surprising and
confirms the results of fellow researchers, such as
Hawlitschek et al. (2016), Mittendorf (2016, 2017).
H2, on the other hand, is not supported indicating that
the dependence on the sharing partner does not
influence the users’ intention to engage. This finding is
in line with the work of Hong and Cho (2011) in the
B2C e-commerce industry, demonstrating that trust in
sellers does not have an effect on purchase intentions
since trust in the intermediary is the major driver.
Similarly, Mittendorf (2016) found that trust in drivers
does not influence the customers’ intention to request a
ride on the ridesharing platform Uber.
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Figure 2. PLS analysis of the research model showing standardized coefficients
H1: .36***

Trust
in platform

H3: .01

Distrust
in platform

Intention to engage
(R2 = .40)
Trust
in sharing partner

H2: .20

H4: -.23*

Distrust
in sharing partner

Controls
Note: *** Significant at a .001 level, ** Significant at a .01level * Significant at a .05 level.

When examining distrust, we find opposing results.
Although our analysis shows no significant effect that
distrust in the platform influences the users’ intention
to engage, we find that distrust in the sharing partner
has a significant negative effect on the users’ intention.
Following this logic, the effects of trust and distrust
seem to work contrariwise. As an additional robustness
check, we evaluated our model with controls and
without controls. The results showed no significant
difference in both models. Moreover, none of our
controls had a statistical significant effect on the
dependent variable. Table 6 shows a summary of the
study results.
Table 6. Results of hypothesis testing
Hypothesis
H1
H2
H3
H4

SC
0.356
0.200
0.008
-0.230

P-Value
***
0.07
0.94
*

CR
3.410
1.690
0.081
2.512

Result
Supported
Not -Supported
Not-Supported
Supported

Note: SC = Standardized Coefficient, CR = Critical Ratio,
SE = Standardized Error, *** Significant at a .001 level,
** Significant at a .01level * Significant at a .05 level

6. Discussion
Our research attempts to understand the
implications of trust and distrust in the ridesharing
industry. In our study, we took the perspective of a
potential customer. We analyzed how platform and
provider trust respectively distrust influence the users’
intentions on the sharing economy platform –
BlaBlaCar. We intentionally chose BlaBlaCar as a
setting as the platform enables a relationship between
complete strangers in the online world and allows them
to share a ride on short-term notice in the offline world.
In order to perform the analysis, we modified the
research model from Mittendorf (2017) by separating

trust in the intermediary from trust in the sharing
partner respectively distrust in the intermediary and
distrust in the sharing partner.

6.1. Research and practical implications
The data analysis successfully answered our
research question. First, we could show that according
to McKnight and Choudhury (2006) trust and distrust
are two distinct concepts that need to be evaluated
separately within one research model. Second, we are
in line with Mittendorf (2017) findings, that indicate
that trust in the platform is one of the main drivers of
users’ intentions in the sharing economy (especially
within ridesharing services) while trust in the
corresponding sharing partner does not affect the users’
intentions. Whereas Mittendorf (2017) argues that
limited time of interaction or low financial investment
with the corresponding sharing partner could be the
reasons for finding no effect of trust in the sharing
partner on the users’ intention, we identified distrust in
the sharing partner as the more rigorous driver of
users’ intentions compared to trust in the sharing
partner.
The reason why trust in sharing partners is not an
influential factor of the customers’ intentions in the
sharing economy could have various reasons, which
we recommend to examine in future research. For
example, it might be hard to judge for potential
customers, based on the available information on
BlaBlaCar, whether corresponding sharing partners are
upright and trustworthy. Thus, as the evaluation of
sharing partners itself is limited, the implications of
trust respectively missing trust are negligible. Instead,
a detailed examination of distrust might be
fundamental. With our study, we successfully
addressed an existing research gap by analyzing both
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trust and distrust within the sharing economy
intermediary framework. Thus, we extend the
theoretical background of trust respectively distrust
theory while resolving limitations and non-congruent
findings that have been frequently formulated by prior
researchers
[23,40,41].
Overall,
our
results
complement the understanding of the sharing economy
with focus on the ridesharing industry.
Based on our theoretical implication, our results
offer important insights for managers of sharing
economy services. In our study, trust in the platform
respectively distrust in the sharing partners appear to
be the key drivers of the users’ intentions. According
to our findings, we make two recommendations to
practitioners. First, in order to increase trust in the
platform (which might also be of high relevance for the
acquisition of new customers respectively the retention
of existing customers), we recommend online sharing
economy platforms to provide adequate security
measures. Those security measures could entail
advanced encryption systems for personal information,
including location profiles, and demographics in order
to guarantee that information will not be misused in
any incongruous or unknown way by either the
platform or a third party. We further recommend
integrating a reliable support system in case of any
challenges that might occur when using the platform or
to resolve conflicts that might occur with other sharing
partners. A collection of those instruments could foster
trust in the platform.
Second, in order to decrease distrust in the sharing
partners, we recommend the platform to make driver
demographics (such as age, gender, nationality) visible
and obligatory. In this regard, we also recommend the
platform to upfront investigate potential drivers using
suitable background checks (such as demanding
personal ID information, insurance information,
criminal records, and driving license) and point out
those background checks within the drivers’ profiles.
Those instruments in terms of transparent information
could be useful in order to decrease distrust and should
be investigated in future research.

6.2. Limitations and future research
Our study has some limitations. First, we only
analyzed a specific sharing economy service in one
particular market. Therefore, our study is contextdependent and it is unclear that our findings can be
generalized for other sharing service, such as for Uber
or Airbnb. Second, our sample mostly represents
young, low-income individuals below the age of 30
years; thus, this limits the generalizability for other
user groups. Third, we only took the perspective of a
potential customer on BlaBlaCar. It might be

worthwhile to keep the study design and take the
perspective of the corresponding sharing partner.
Finally, we only assessed trust as a single construct,
thus not evaluating its dimensionality. Therefore, an
extended study approach could include the dimensions
of trust and distrust.
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Table 7. Overview of items after the content validity assessment
Construct
Trust in
platform
Trust in sharing
partner
Distrust in
platform
Distrust in
sharing partner
Intention to
engage

Code
TrPl1
TrPl2
TrPl3
TrSP1
TrSP2
TrSP3
DisTrPl1
DisTrPl2
DisTrPl3
DisTrSP1
DisTrSP2
DisTrSP3
Inq1
Inq2
Inq3

Loading
0.904
0.949
0.828
0.948
0.967
0.874
0.736
0.946
0.938
0.724
0.908
0.939
0.908
0.921
0.900

Item
I feel that BlaBlaCar is honest.
I feel that BlaBlaCar is trustworthy.
I feel BlaBlaCar is reliable.
I feel that the drivers on BlaBlaCar are honest.
I feel that the drivers on BlaBlaCar are trustworthy.
I feel the drivers on BlaBlaCar are reliable.
Overall, I worry about whether BlaBlaCar is reliable.
I feel nervous about the service BlaBlaCar provides.
I would feel cautious about characterizing BlaBlaCar as honest.
Overall, I worry about whether drivers on BlaBlaCar are reliable.
I feel nervous about the services drivers on BlaBlaCar provide.
I would feel cautious about characterizing drivers on BlaBlaCar as honest.
I would feel comfortable requesting a ride on BlaBlaCar.
I am very likely to request a ride on BlaBlaCar.
I would engage in a sharing encounter on BlaBlaCar in general.
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